== [INIVERSITY CLEMSON

AIIE ~9\/IRGINIA

CStorage: An Efficient Classification-based Image
Storage System in Cloud Datacenters

Haiying Shen*, Heng Zhou”

*University of Virginia, ~Clemson University



<= [NIVERSITY g&np
JE "YVIRGINIA &

Outline

* Introduction
* Approach description
- Evaluation

* Conclusion




VERSI’I‘Y _:\ : .:-.\i'?"a..}

IRGINIA

[Egerrosgmil

8 logr CHEQ] A wg O lwlelC
Al | LEHCCBVE:: BB
HERATS NECRBEHE v «
old I HNCEARE B
DEHc- Ep B HOaRC e
CECH0CEN4R * Ad4r @
THeCe2(E4dE8 8 <
HOZedBcCT+ a0 40
GamE K -ESHcNUCE
HONGESuSREBGE | =6H
EFoEfe i DRICER: O
anw-nawamigﬂce&m

gﬁmz@nvrunn-ﬁn

@ﬂlnag-ﬁnnﬂaﬁiIl

HE »PEIL4ACSSLEE0
o biEEs 2 DRLONTE




== [INIVERSITY {E
JIE “VIRGINIA @b/

Incast Congestion
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Incast is a many-to-one communication pattern commonly found in
cloud data centers. It begins when a singular parent server places a
request for data objects to a large number of servers simultaneously.
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Overview of the CStorage image storage system
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1) CStorage leverages the deep learning technique to extract image
features, which are more accurate than handcrafted image features such as
PCA-SIFT.

2) CStorage significantly reduces the image retrieval latency primarily
caused by incast network congestion.

3) We conduct extensive experiment with millions of images. Experimental
results show the effectiveness of CStorage in reducing image retrieval
latency and improving retrieval accuracy.
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Questions?
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